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Policy Statement

The policy of Verisk Analytics and subsidiary companies is to comply in all respects with federal
and state antitrust laws. With this in mind, we want to mention that during all seminars held under
our auspices, this policy prohibits discussion of certain topics. Because we want to avoid even the
appearance of an antitrust violation, we go beyond the letter of the law, and we will not discuss any
matter that violates the spirit of the antitrust laws or could be perceived as doing so.

A copy of our Policy Statement on Discussion at Meetings can be found at
https://www.verisk.com/495f8a/siteassets/media/downloads/chairpersons-statement.pdf
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Profitability: An Ongoing Challenge

Industry consistently loses money, but some carriers write auto profitably

US Commercial Auto — Net Underwriting Ratios
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US Commercial Automobile — Top 20 Insurers' Net Combined Ratios

Ranked by 2024 Commercial Auto Met Premiums Written

2024 NPW YooY % Met Combined Ratios
Company Name (% millions) Change 2020 2021 2022 2023 2024
Progressive Insurance Group 10,468 2.0 849 876 904 985 B82
Travelers Group 3,805 129 1060 934 1013 1102 1044
Berkshire Hathaway Insurance Group 2774 N4 108.1 993 1004 1105 1162
Liberty Mutual Insurance Companies 2,182 -4.5 106.6 1047 1352 1142 1084
Auto-Cwners Insurance Group 2112 158 1024 948 1139 1253 903
Old Republic Insurance Group 1,877 243 1029 942 902 936 949
State Farm Group 1,883 205 1174 1183 1520 1363 1236
W. R. Berkley Insurance Group 1,449 a5 100.8 851 1003 1098 1059
Chubb INA Group 1,316 300 998 955 M67 1274 1262
Hartford Insurance Group 1,275 19.0 1078 1022 1050 1041 1074
Fairfax Financial {(USA) Group 1,166 138 1067 1095 1068 1131 1174
Selective Insurance Group 1,148 146 998 1037 1065 1027 993
CHA Insurance Companies 1,062 258 1143 1186 1158 1160 1203
Erie Insurance Group 1,035 16.0 869 950 M43 M6T7 1197
Tokio Marine US PC Group 1,007 104 950 996 955 1004 1102
Sentry Insurance Group 963 7.3 100.1 996 984 10F.6 1300
The Cincinnati Insurance Companies 955 845 94 1 892 1038 933 954
Acuity, A Mutual Insurance Company 929 15.0 856 966 1076 965 943
American International Group 08 193 915 1007 959 948 10356
CSAA Insurance Group 8a7 465 2181 1502 1075 1158 1014

Source, CBESTLINKS
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Major Rating Components Widely Used In the
Industry
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Major Rating Components Widely Used in the
Industry
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Ex: Truck Collision Rating Formula
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Strictly Using Experience Typically Creates Larger Geographic Territories

ISO PPT Collision advisory territory loss cost = 18 unique territories
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Predictive Models can help increase Rating Segmentation
Replacing broad averages with risk-specific pricing
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More segmentation — better alignment to loss — improved pricing and underwriting outcomes
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ISO Risk Analyzer Commercial Auto
Environmental Module

Address-level territory rating

Evaluate risks at the specific location
using predictive models that analyze
hundreds of local environmental

indicator to determine expected loss

cost by coverage (separately for PPT &
TTT)

Location-specific external data signals enhance risk segmentation

Traffic density and drivin tterns
({'EEEID Commuting, public transportation,

v' Bodily Injury

v' Property Damage @, |eatherandtemin
v' Combined Single Limit @ weather ana sevation canges
v Collision " Granuar loss experience and state
v' Comprehensive (OTC) -‘l-l-l 150 oot ot finas o
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Example of Segmentation Achieved Using Non-insurance Data Within a
Predictive Model

From 18 territories to modeled loss cost for 2,581unique Census Block Groups (CBGs)
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Model performance on industry data

Collision PPT - Loss Cost Relativity by Quintile
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Model performance on industry data

Loss Cost Relativity

Loss Cost Relativity

Collision TTT - Loss Cost Relativity by Quintile
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Major Rating Components Widely Used in the Industry

Ex: Truck Collision Rating Formula
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What Radius is Used for Your Insured Vehicles?

Most vehicles are rated “Local,” but a Verisk study reveals different results:

V= Verisk:

| Worst Offenders

I QOutside of radius more than 2/3 of the time

| Moderate Offenders

QOutside of radius 1/3 to 2/3 of the time

| Mild Offenders

| Qutside of radius less than 1/3 of the time

__1 No Sightings

| Outside of radius

14
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What is RadiusCheck?

RadiusCheck is a tool that uses visual vehicle sighting information to report location

How 1t Works

« All LPR sightings
uploaded to database

Industry Need

« Radius Classification is extremely
difficult to determine

- Tagged with date/time
and location

* Query by VIN
(converted to license
plate)

« Radius misclassification can impact
premiums — typically 30%+ per vehicle
coverage

« Garaging misclassification can often
impact loss cost relativity

« Summarized sighting * Visual data can be utilized in the
information provided underwriting process for vehicle class
for underwriting changes

-

- [ ]
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Where Are Vehicles Sighted?

Scan availability (normalized for population) CIGHTINGS

NORMALIZED
BY POPULATION

WASHINGTON 1.50

NORTH DAKOTA

0.21

WYOMING

Powered by Bing
© GeoNames, Microsoft, TomTom

-
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Radius Violation Example

VIN: TFTYETY81LKSERIAL

Vehicle: 2020 Ford Transit

Plate: PFFI, TX

Garaging: Arlington, TX

Sightings: 44 Total Sightings, 25% Outside
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Car Image Plate Image lDistance (Miles)

Sighting Lat

Sighting Lon|

Sighting Address

Date Time (GMT)

=

17

26500 [29.16440813|-95.4344812 _ Street. Angleton, TX 77515 2024-02-28 01:45:38
24910 |20.34859082||-98.5340998 B oo foonio. TX 78224 (202341206 15:52:07
24630 |20.39331771|-98.5367944 = sa0 Antonio. TX 75226 2024-02-14 14:16:36
24540 |29.39146119/-98.4864561 B oo, 3 75200 2024-01-17 20:56:33
243.60  [29.45419442(-98.506432 _Sneet San Antonio, TX 78228 2024-01-26 10:44:36
24340 [29.44985428(-98.5727186 - o s Aotonio, TX 78228 2024-02-07 22:36:47
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Radius Violation Example

VIN: TGCNCNEH1JZSERIAL

Vehicle: 2018 Chevrolet Silverado

Plate: 607N, CA
Garaging: Rohnert Park, CA

Sightings: 10 Total Sightings, 100% Outside
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Car Image Plate Image IDistance (Miles)

Sighting Lat

Sighting Lon

Sighting Address

Date Time (GMT)
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36.85492871

-119.7518447

B oo, CA 93720

2024-03-07 16:58:42
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Major Rating Components Widely Used in the Industry

Ex: Truck Collision Rating Formula -

] '
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VINs are Key to Understanding Detailed Vehicle Information

[3C6UR5GLXPGSERIAL ]

V= Verisk:

21

Make Details

« Make: RAM
_+ Type: Truck

« Country: Mexico

« Complete Build: Y

\

J

Vehicle Details

* Model: 2500

« Trim Level: Longhorn
Engine: 6.7L 16 Turbo Diesel
* Drive Type: 4x4

— + Body Type: Crew Cab/4dr

« Capacity: 5to 6

«  GVWR Class: 2 - Light Duty

Year: 2023

Plant: Saltillo, Mexico

U roaaxcCcoOw

L
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Access to Granular Vehicle Data Could be a ~S45k Difference

{3C6URSGLXPGSERIAL }

Basic Model Cost Trim Level Highest Trim Cost
$5'| 425 2023 RAM 2500 Crew Cab 4x4 6.4' SB * $86,240
* _ «  Tradesman: $51,425 +
Standard Engine +  Big Horn: $56,895 $9,625

Laramie: $65,185

Power Wagon: $68,620
Rebel: §70,715

Limited Longhorn: $82,370
Longhorn: $86,240

Engine Options
Standard: 6.4L V8 Gas
Optional: 6.7L 16 Turbo Diesel: $9,625

V= Verisk: 22
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Major Rating Components Widely Used in the Industry

Ex: Truck Collision Rating Formula g
] '
m Territory Loss Cost emry  Size Class

0
Primary g ¥ Business Use
Secondary Factor 9 Radius Class
Fleet Size Factor
Vehicle Value — Deductible Discount Factors _< $ Age & OCN
NAICS Factor —

Heavy Farm Factor

Heavy Dumping Factor
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ISO Risk Analyzer Commercial Auto

Commercial Auto Vehicle Symbols

Increase rating accuracy by pricing each vehicle by coverage
by the risk it represents based on vehicle characteristics

v" VIN level modeling: PPT and TTT vehicles

v Rating factors for Collision, Comprehensive & Liability
coverages

'VtE Verisk- 24

Type of truck cabin
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These vehicles that would be treated the same without Symbols

2022 Ford Bronco 2022 Chevrolet Express G2500
Type: SUV Type: Van

Weight Rating Class: 6,001-10,000 Weight Rating Class: 6,001-10,000

Price New Bracket: $35,000-$39,000 Price New Bracket: $35,000-$39,000
Collision Symbol Relativity: .82 Collision Symbol Relativity: .71
Comprehensive Symbol Relativity: 1.07 Comprehensive Symbol Relativity: .79
Liability symbol: .90 Liability symbol: 1.07

-

- [ ]
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Model performance on industry data

Liability Coverage

Basis: Legacy ISO Manual
1.40
1.20
1.00
0.80
0.60
0.40
0.20
0.00

Lift = (1.30/0.63)-1 =106%

Lowest Symbol Highest Symbol

mmm Observed e Predicted

Collision Coverage
Lift = (1.34/0.78)-1 =72%

1.60
1.40
1.20
1.00
0.80
0.60
0.40
0.20
0.00

Lowest Symbol Highest Symbol

mmm Observed == Predicted

V= Verisk’

Liability Coverage
Basis: ISO Optional Class Plan

1.40
1.20
1.00
0.80
0.60
0.40
0.20
0.00

Lift = (1.24/0.69)-1 =80%

Lowest Symbol Highest Symbol

mmm Observed == Predicted

26

Comprehensive Coverage

1.60
1.40
1.20
1.00
0.80
0.60
0.40
0.20
0.00

Lift = (1.41/0.77)-1 =83%

Lowest Symbol Highest Symbol

mmmm Observed == Predicted
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Put us to the test!

Thank you!

Questions?

Contact your Verisk

account executive to
learn more.

Email us:

Learn more about:

No part of this presentation may be copied or redistributed without the prior written consent
of ISO. This material was used exclusively as an exhibit to an oral presentation. It may not be,
nor should it be relied, upon as reflecting a complete record of the discussion.
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